






Figure 4 Ratio of the number of nonsynonymous to synony-
mous changes which occurred during simulations, as counted
directly from simulated ancestral sequences. Each boxplot
represents, across 50 replicates, the per-alignment ratio of the
number of nonsynonymous changes to synonymous changes
averaged across sites. Results shown here are from P unequal
simulations.

Figure 5 Mean Pearson correlations between inferred and
true dN/dS, specifically for P unequal simulations as analyzed
with FEL1 and FEL2. Sites which have experienced relatively
more synonymous changes are represented with circles, and
sites which have experienced relatively more nonsynonymous
changes are represented with triangles.

Figure 6 Relationship between true dN/dS and the ratio of the
number of nonsynonymous to synonymous changes which oc-
curred during simulations, as counted directly from simulated
ancestral sequences. Results are shown for P unequal simula-
tions. (A) Regression of the ratio of nonsynonymous to syn-
onymous substitution counts specifically for the B = 0.04 and
N = 512 simulation. (B) True dN/dS, across simulation condi-
tions, where sites transition from being enriched for synony-
mous changes to being enriched for nonsynonymous changes.

Figure 7 The amount of divergence is more important than the
number of sequences is for obtaining the equilibrium dN/dS
value. Boxplots represent either A) correlation or B) RMSD
across the 50 respective simulation replicates. Results shown
correspond to P unequal simulations as inferred with FEL1.
From left to right, tree lengths are equal to 163.76, 163.52, and
162.56.
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Figure 8 Inference results for simulations performed along em-
pirical phylogenies (Table 1). A) Pearson correlations between
inferred and true dN/dS values. B) RMSD of inferred from
true dN/dS values.
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